Abstract

Keywords sure.

identification

An important.

the

(e.g.

ered.

and

and pertarget respondent.

N Z and X = (x_1 x_n n k Z N Z

i^{th} x_i record Y Y Y Y

p_i i^{th} is −_{i =1}Σ^n p_i max_{1≤i≤n} p_i

1 ≤ i ≤ n pi 1 ≤ i ≤ n pi Y.

i^{th}

p_i

X pessimistic risk D( ) = max_{1 ≤ j ≤ N} max_{1 ≤ i ≤ n} P[i^{th th} respondent′ ] = max_{1 ≤ j ≤ N} max_{1 ≤ i ≤ n} P[x_i^{th} respondent′ ].

D(X)X) ≥ max_{1 ≤ i, j ≤ n} P[x_i 1′ and x_j 2′ ].

D_{average} (X) = N^{− 1}_{j=1}Σ^N max_{1 ≤ i ≤ n} P[x_i^{th} respondent′

D_{total} (X) =_{j=1}Σ^N max_{1 ≤ i ≤ n} P[x_i^{th} respondent′ ].

X τ:

D_τ (X) =_{j=1}Σ^N 1 ≤ j ≤ N_{1 ≤ i ≤ n} P[x_i^{th} respondent′ ]

X

p_i i^{th}

M( Y M( m_1 m_1 M( μ_1 , σ_1).

below e^{μ1} e^{±2σ 1} of e^{μ1}

take μ_1 = σ_1 = 1.

M(Y_2

= (x_1 , x_2 ) =

p_1 = P[M(Y_1 ) = 7 X = = f_1 f_2 + f_1 f_2 f_1 f_2 _________________________ =

where f_i μ_i

x_1

P[Y_1 = = P[Y_2 =

D(X) = max_{1 ≤ j ≤ ≤ i ≤ 2} P[M(Y_j ) = x_i X = =

x_1 =

p_1 = P[Y_1 sampled and M(Y_1 ) = 7 X = = P[Y_1 sampled and M(Y_1 ) = + P[Y_2 sampled and M(Y_2 ) =

P[Y_1 sampled and M(Y_1 ) = ___________________________________________________________

= .5f_1 + .5f_2

.5f_1 = .

− = X is = i.e.

n N i^{th} N M(Y_i f_i (. n^{th} Y_1 is

p_n = P[Y_1 and M(Y_1 ) = x_n = P[x_1 , . x_{n 1} , . f_N]

P[x_{n 1} and x_1 , . x_{n − 1 2} , . f_N]

N N

f_i

cannot Y_1 and Y_2 N = n =

p_1 = f_1 (x_1 f_2 (x_2 ) + f_3 (x_2 + f_2 (x_1 f_1 (x_2 ) + f_3 (x_2 + f_3 (x_1 f_1 (x_2 ) + f_2 (x_2 f_1 (x_1 f_2 (x_2 ) + f_3 (x_2

Since f_1 (.) = f_2 (.), p_1 ≤ f_3 (_1 ) = x_2 f_1 e.g. with f_i concenx_1 and x_2

X

N = n = Y_2 target Y_1

p_1 = 1/8 + f_2 (− 1/8 = .

N =

Y_1 Y_1

Y_2 , . Y_{100} Y_1 f_i (. Y_i

p_i

p_i =

j=1Σ^{10 P[x}j^{from Y}1^{and other 9 Y}2^{, . Y}100^{] + P[x}1^{, . x}10^{from Y}2^{, . Y}100^]

P[x_i is Y_1 ′s] f_1 (x_i )P Y_2 , . Y_{100}Y_1 sampled]_{j ≠ i}Π f_2 (x_j )

=

j = 1Σ 10 100 1 f_1 (x_j ) k ≠ jΠ f_2 (x_j ) + 10 100 10 99 k=1Π^{10 f}2^{(x}k^) 100 1 f_1 (x_i ) j ≠ iΠ f_2 (x_j )

= j = 1Σ 10 f_1 (x_j )_2 (x_j ) + 90 f_1 (x_i )_2 (x_i ) ,

where f_1 (. f_2 (. p_i

Y_1

D( ) = p_i i.e.

max_{1 ≤ i ≤ n} p_{i 1 ≤ i ≤ n} p_i

D(

Y= Y=

Y= x_1 =

N −

here.

p_n = P[x_1 , . x_{n 1} , . f_N]

P[x_1 , . x_{n − 1 2} , . f_N and x_{n 1} ]

∼ i = 1Π n P[x_{i 1 2} or f_N] f_1 (x_n )_{i = 1}Π^{n − 1}P[x_{i 2 3} or f_N]

= i = 1Π n j = 1Σ N f_j (x_i ) f_1 (x_n )_{i = 1}Π^{n − 1}_{j = 2}Σ^N f_j (x_i ) ___________________ .

x_1 Y_1 than x_n is,_1 > p_n

j = 2Σ N f_j (x_1 ) f_1 (x_1 ) > j = 2Σ N f_j (x_n ) f_1 (x_n ) . (2)

f_i y_i ,_i values y_i

i = 2Σ N e^{− 2}

1__(x_n −_i )′_i− 1 (x_n −_i )

e^{− 2} 1__ (x_n −_1 )′_i^{− 1} (x_n −_1 ) .

x_n y_1 y_2 y_N N Σ_i y_i’s.

takes f_i y_i

source

released i.e.

Y_{10}

X

X x_1 x_{11} x_{11} = (x_{11} =

x_{11} = 1 − Y^{11}

Y_{11} − q),

where Y_{11} q P[x_{11} = 1 Y_{11} and x] = P[x_{11} = 1 Y_{11} Y_{11}?

Let x_{− 11} x_{12} , . x_{1k} i.e.

x_{− 1} = (x_− x_2 , . x_n x_{11} = 1,

P[Y_{11} = 1 x] = P[Y_{11} = 1 x_{11} and x_{− 1} ] = P[x_{11} =1 Y_{11} = x_{− 1} ] P[Y_{11} =1 x_{− 1} ] + P[x_{11} =1 Y_{11} = x_{− 1} ] P[Y_{11} =0 x_{− 1} ]

P[x_{11} = 1 Y_{11} = x_{− 1} ] P[Y_{11} = 1 x_{− 1} ]

= qP[Y_{11} = 1 x_{− 1} ] + − q)P[Y_{11} = 0 x_{− 1} ] qP[Y_{11} = 1 x_{− 1} ] . (3)

x_{11} = 0,

P[Y_{11} = 1 x] = − q)P[Y_{11} = 1 x_{− 11} ] + qP[Y_{11} = 0 x_{− 11} ]

− q)P[Y_{11} = 1 x_{− 11} ] .

If P[Y_{11} = 1 x P[Y_{11} = 1 x q = P[Y_{11} = x_{11} x] = q = < q < P[Y_{11} = 1 x

attribute. P[Y_{11} = x_{11} x k − 1

log P[Y^{i1} = 0 (x^{i2} , . x^{ik}

P[Y_{i1} = 1 (x_{i2} , . x_{ik} 0 +_{j=2}Σ^k β_j x .

Y_{i1}

x_{i1}

i =1Σ n log P[x_{i1} = 1_{− i1} ]

=_{i =1}Σ^n log

P[x_{i1} = Y_{i1} = 1_{− i1} ] + P[x_{i1} = Y_{i1} = 0_{− i1} ]

=_{i =1}Σ^n log

[Y_{i1} = 1_{− i1} ] + − q) P[Y_{i1} = 0_{− i1} ]

x_{i2} , . x_{ik} are (1984)).

Once Y_{11} =

P̂[Y_{11} = 1_1 ] = 1 + e

β̂_0 +_{j=2}Σ k β̂_j x_{1j} e β̂_0 +_{j=2}Σ k β̂_j x_{1j}

Y_{11} after

H(Y_{11} , X) =

c^{TT} c_{TF} c_{FT} c_{FF} c_{TN} c_{FN} 0

if and Y_{11} if and Y_{11} if and Y_{11} if and Y_{11} if and Y_{11} if and Y_{11} if

,

X is

H_{total} (Y_1 , X) =_{i =1}Σ^N H(Y_{i1} , X).

Any

c_{FN} c_{FN} = 0. c c_{FF} = c_{TF} and c_{FT} = c_{TT}

Y_{i1} =

H(Y_{11} , X) =

c^T(y^{11} , ŷ^{11} ) c_F (y_{11} , ŷ_{11} ) c_{TN} c_{FN} 0

if and ŷ_{11} if and ŷ_{11} if − and Y_{11} if − and Y_{11} if .

c_F and c_T

y_{11}

c_F (y_{i1} , ŷ_{i1} ) = c_T(y_{i1} , ŷ_{i1} ) = (ŷ_{i1} − y_{i1} )^2 0 if ŷ_{i1} ≥ y_{i1} if ŷ_{i1} < y_{i1} .

y_{i1} T

c_F (y_{i1} , ŷ_{i1} ) = c_T(y_{i1} , ŷ_{i1} ) = L 0 if ŷ_{i1} > T if ŷ_{i1} ≤ T .

H_{total} (Y X) =_{i =1}Σ^N max ŷ_{i1} − y_{i1} ).

p(y_{11}

H_{Bayes}(Y_{11} , =

p(y^{11} = c^{T1} + p(y^{11} = c^{T0} p(y_{11} = c_{F1} + p(y_{11} = c_{F0} 0 if − if − if − .

H_{Bayes}(Y_{11} , =

∫p(y)cT(y11 ,y)dy

∫p(y)cF (y11 ,y)dy 0

if − if − if − .

H_{Bayes}.

x and y z x, y, z

References

165-177.

Association.

602-607.